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DNA-encoded libraries (DELs) are a powerful hit-finding approach enabling the rapid screening 
of millions to billions of compounds. However, library size alone does not guarantee success. 
Productive screening campaigns require libraries that combine broad chemotype diversity with 
drug-like physicochemical properties.  

Here, we present a case study demonstrating how the proprietary DEL platform of Novalix 
applies advanced cheminformatics workflows to guide DEL design and maximize screening 
performance. By prioritizing diverse druglike chemical space, the NovaDEL collection enabled 
the identification of high-quality hit series for PI4KIIIβ with promising properties for medicinal 
chemistry optimization. Furthermore, we show that combining DEL with generative AI can 
successfully identify novel chemotypes distinct from the known binders.   

Together, these results demonstrate that quality-driven library design and synthesis, combined 
with computational approaches, can enhance DEL screening outcomes and accelerate the 
discovery of novel chemical matter for relevant therapeutic targets. 
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